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Chapter 2: Driving Visual Analysis with
Automobile Data with R

Analyzing automobile fuel efficiency over time
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Chapter 3: Creating Application-Oriented
Analyses Using Tax Data and Python

Importing and exploring the world's top incomes
dataset
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Analyzing and visualizing the top income data of
the US
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Furthering the analysis of the top income groups
of the US
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Repeating the analysis in R
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Chapter 4: Modeling Stock Market Data

Cleaning and exploring the data
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Screening stocks and analyzing historical prices
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Chapter 5: Visually Exploring Employment
Data

Visualizing geographical distributions of pay
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Exploring where the jobs are, by industry




Animating maps for a geospatial time series
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Chapter 6: Driving Visual Analyses with
Automobile Data

Analyzing automobile fuel efficiency over time
with Python
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Chapter 7: Working with Social Graphs

Exploring subgraphs within a heroic network







Finding strong ties




Finding key players
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Clustering and community detection in social
networks
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Visualizing graphs




Social networks in R
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Chapter 10: Forecasting New Zealand
Overseas Visitors

Visualizing time series data

New Zealand Overseas Visitors
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STL Decomposition

0000F 0000Z O

|EUosEas

T
0000Z00¢

T
00Z |

T
00002

pual

T T
0000t 00051

T T
ooos o

JapulEWwal

T
0oa0 L~

1985

1950

1985

1980

Time




Chapter 11: German Credit Data Analysis

Fitting the logistic regression model
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